Abstract: This paper investigates household saving behavior in Australia, as well as the drivers behind the recent rise in the aggregate household saving ratio. Our results explaining differences in saving behavior across households are consistent with theory and previous findings. As might be expected, households' saving ratios tend to increase with income, but decrease with wealth and gearing. More at-risk households such as single-parent and migrant households tend to save more than other households, all else being equal. While saving differs substantially across age groups we find that, at least in part, this reflects differing circumstances. Our results suggest that the rise in household saving between 2003/2004 and 2009/2010 was driven by changes in behavior rather than changes in population characteristics: in particular, more educated households, as well as households with high debt and/or wealth increased their propensity to save. Our interpretation of these results is that a reduction in future income growth expectations for more highly educated households after the financial crisis, and an associated effort to rebuild wealth and repay debt, drove to the aggregate rise in household saving.
Introduction
Between the early 1970s and the early 2000s the aggregate household saving ratio in Australia steadily declined, from around 20% to around zero ( Figure 1) . 1 This trend was likely driven by a number of factors, including an increased availability of credit, falling real interest rates, more stable economic outcomes, rising asset prices, and rising household income and income expectations. While the importance of various factors waxed and waned over the three decades, it is likely that all contributed to some extent to a higher rate of growth in consumption compared with income, and so the fall in the saving ratio seen over this period. However, in the latter half of the 2000s, the household saving ratio reversed this decline, and is now at a level similar to that of the mid 1980s. This rise in saving coincided with a deterioration in Australia's (and the world's) economic environment, with GDP growth, credit growth and the exchange rate falling sharply over late 2007 and 2008 , while official interest rates were cut sharply after a period of steady increase ( Figure 2 ). As well as suggesting more caution on the part of borrowers given a riskier economic environment, the fall in credit growth could also be indicative of more restrictive credit availability, which may micro data and base our regressions on; see Section 2.1 for more details). The net saving ratio shown in the bottom panel of Figure 1 additionally deducts depreciation.
have led to higher saving. 2 More generally, the rise in saving represents an important change in the economic environment given that household consumption accounts for a little over half of GDP.
The extent to which the higher saving ratio is sustained will depend on what caused the change in saving. For example, if saving rose due to an unexpected boost to income that households believed to be temporary, standard theory would suggest that saving will fall again as the boost to income dissipates. Conversely, if household saving initially fell due to expectations of high future income and asset price growth, as well as an associated run-up in housing debt, then a downward reassessment of those expectations may lead to a more enduring rise in saving. 3 In this paper we investigate both the static determinants of household saving and the drivers of the rise in saving over the 2000s. By examining aggregate data on household income and consumption, we can observe that saving rose around the mid to late 2000s, reflecting an increase and then leveling off in average per capita income, and a temporary fall and then leveling-off in consumption ( Figure 1 ). Even if one assumes that changes in income were due to factors outside of the household sector's control, it is difficult to draw conclusions from the aggregate data about what drove the changes in consumption behavior. Instead we turn to household-level data and examine the link between various household characteristics and saving behavior. To do this, we use the Household Expenditure Survey (HES) from the Australian Bureau of Statistics (ABS) detailing household income and expenditure in 2003/2004 and 2009/2010. We are agnostic about the drivers of saving in the cross-section, and consider a number of factors that may drive the saving decision including life-cycle factors, credit constraints, precautionary motives, income and wealth. Regarding the rise in saving seen over the 2000s, our hypothesis is that lower income growth expectations following the financial crisis, as well as an associated downward revision to asset price growth (primarily house price growth) expectations, are the primary drivers, although we do not preclude other factors in our modeling.
It is important to note, however, that we cannot directly test the effect of, for example, income growth expectations on saving behavior, since there is no variable that exactly measures a household's expectations. Rather, we examine how saving relates to household characteristics that are correlated with our driver of interest, for example education level. To the extent that saving varies with education, we draw the inference that it is underlying income growth expectations that are driving the behavior. We acknowledge that while the effect of household characteristics on saving can be estimated, the interpretation that we place on these estimates is subject to debate.
While ours is the first study looking at the recent rise in household saving in Australia using household-level data, other papers have analysed household saving behavior. For Australia, Harris, Loundes, and Webster (2002) use household-level data from Melbourne Institute surveys to consider the household characteristics that lead a household to identify with a type of saving behavior that ranges from "running into debt" to "saving a lot." The authors find that households with higher income and wealth, households that own their own home and households with a more positive economic outlook tend to identify themselves as active savers. Their findings suggest several saving hypotheses help to explain variation in household saving behavior.
More recently, Berger-Thomson, Chung, and McKibbin (2009) use the Household, Income and Labor Dynamics in Australia (HILDA) Survey to examine how uncertainty affects households' consumption decisions. The authors find that households that are worried about their future employment status have lower marginal propensities to consume out of current income compared with households that are not concerned about their future employment status, and so save more. Chamon and Prasad (2010) examine household saving behavior in China using household-level data between 1995 and 2005. Similar to our study, one of their aims is to uncover the reasons behind the rise in the Chinese household saving ratio over this period. The authors find that precautionary saving motives are an important determinant of this rise, with younger and older households increasing saving due to rising uncertainty and increasing housing, education and healthcare costs in China. Attanasio and Weber (1994) examine two popular hypotheses for the sharp fall that occurred between 1986 and 1988 in the United Kingdom's household saving ratio: that it was due to a substantial rise in house prices; and that it was due to a rise in perceived permanent income. While wealth effects may have boosted consumption growth in the 1980s, the authors conclude that the sharp fall in saving is best explained by younger households upwardly revising their expectations of permanent income. [See also Alan, Crossley, and Low (2012) for a discussion of UK saving during recessions.]
The remainder of this paper is organized as follows. In Section 2 we describe the household-level datasets that we use, and examine how they compare with aggregate data available in the Australian national accounts. Section 3 presents cross-sectional results on the drivers of savings behavior from a model of the median household's saving that is similar to those employed in Chamon and Prasad (2010) and Islam, Parasnis, and Fausten (2013) . Section 4 presents results on the rise in saving seen over the 2000s from the median regression model, as well as a decomposition of the change in the mean saving ratio into parameter and characteristic effects. Modeling median saving allows us to assess determinants of the saving behavior of a "typical" household, while modeling mean saving allows us to quantify the size of various influences on the aggregate saving ratio. Section 5 concludes. The 2003 The /2004 Household Expenditure Surveys are cross-sectional surveys of a nationally representative sample of households in Australia during the survey period. 4 For each household, the surveys collect information on income and consumption, as well as a range of socio-demographic characteristics. These socio-demographic characteristics allow us to assess the saving behavior of particular groups of households, which is not possible with aggregate data.
Data
The ABS also conducted expenditure surveys in 1975/1976, 1984, 1988/1989, 1993/1994 and 1998/1999 . We do not use these earlier surveys in our analysis since: (i) methodological changes render surveys conducted before 1998/1999 less comparable to those from 1998/1999 on; and (ii) the surveys conducted before 2003/2004 omit important variables, such as household wealth, which can play a large role in influencing saving behavior.
Definition of income, consumption and saving
The most important quantitative data that we use are household income, consumption and saving.
Disposable income includes: labor income; farm income; income of unincorporated enterprises; net rental income; imputed rent for owner-occupiers; 5 interest on savings; dividends; transfer income from the government, private institutions and other households; superannuation contributions by employers on behalf of employees;
6 superannuation drawdowns by self-funded retirees; inheritance; gifts and other income from family members. Income is after tax and interest payments.
Note that the national accounts definition of income includes a number of items that are unavailable in the HES, the largest of which are imputed interest and current transfers to non-profit institutions serving households. We also cannot separately identify (and therefore exclude) capital draw-downs from investment earnings for self-funded retirees in the HES, so that income for selffunded retirees is overstated.
Consumption includes total expenditure on goods and services as well as imputed rent for owner-occupiers. Principal and interest repayments on debt, home capital improvement expenditure and life insurance and superannuation related expenses are not included in consumption.
Saving is calculated as the difference between disposable income and consumption. The main difference between our definition of saving and that from the national accounts stems from the different definition of income, as noted above. Note that our definition of saving captures only active saving and does not include any capital gains or losses.
Comparison of aggregate and micro data
In order to use the household surveys to analyse the drivers behind the increase in the aggregate saving ratio, the surveys must be comparable with each other and with data from the national accounts. There were no major methodological changes between the 2003/2004 and 2009/2010 Surveys, so the two surveys should be comparable, and while the surveys do not capture all household consumption or income when compared with national accounts data, they capture a similar proportion of each. This implies that the aggregate saving ratio from the HES datasets should be consistent with the aggregate saving ratio from the national accounts, as indeed it is, with both measures showing a similar increase in saving between 2003/2004 and 2009/2010. 
Descriptive analysis
Looking at the distribution of the saving ratio across households, the median saving ratio in 2003/2004 was 5%, while in 2009/2010 it was 9% (Figure 3 ). The shift up in the saving ratio evident across most of the distribution is consistent with the rise in the aggregate saving ratio over this period. The distribution of the saving ratio displays a long tail of negative saving ratios. This is unsurprising as consumption is always positive, but income, which is the denominator of the saving ratio, can sometimes be close to zero, which leads to large negative saving ratios for some households. 7 Age-matching controls for age-related effects when comparing income quintiles. For example, since post-retirement households are typically in the lower income quintiles, the saving behavior of older households will have a significant influence on the saving behavior of the lower (non age-matched) income quintiles. Age-matching is done by splitting the households in each age group into separate income quintiles. Income quintiles from each age group are then recombined, so that, for example, the lowest age-matched income quintile consists of all those households that make up the lowest income quintile within each age group. 8 This is not surprising given that most of the rise in the saving ratio occurred over a relatively short period, whereas the ageing of the population is a slow-moving process. 
Cross-sectional analysis -determinants of saving
In this section we investigate the drivers of saving in the cross-section, rather than the increase in saving seen over the 2000s. To do this we estimate a model of the median saving ratio that takes into account a range of household characteristics. The median saving ratio gives a better indication of how much a "typical" household saves than the mean saving ratio, which can be heavily influenced by a small number of extreme values. The mean saving ratio is nonetheless important since it determines economy-wide household saving, and we return to it in Section 4.
Determinants of saving
Income is a particularly important determinant of household consumption, although there is some debate as to how it effects saving. Economic orthodoxy Prasad (2010) find a similar result in their study, while Browning and Lusardi (1996) argue that ageing is too slow to provide a sufficient explanation for the large decline in the US aggregate household saving ratio.
would suggest that a household's permanent or long-run level of income should not affect the saving ratio, since households with relatively high levels of permanent income would also have relatively high levels of consumption. Aggregate time series data on national saving supports this proposition: as countries grow richer, household incomes trend higher but saving ratios do not. Conversely, the evidence from cross-sectional, household-level studies is less clear; for example, Dynan, Skinner, and Zeldes (2004) find that individual households' saving ratios are affected by their level of permanent income.
Our main results are estimated under the assumption that households' permanent income levels do not affect saving ratios, although our results are robust to relaxing this assumption [see Model (2) in Table B3 ]. In particular, we assume that a household's saving ratio is a function of the deviation of their current level of income from their permanent level of income:
1 2 saving ratio ( ) .
Here y i is the natural logarithm of household i's current income, i y * is the logarithm of their permanent income, and X i represents other household characteristics pertinent to the saving decision such as age, labor force status and household composition. This model implies that a household will increase their saving ratio if their current level of income rises and/or their permanent level of income falls, for example due to a one-off bequest or a downward reassessment of expected future income growth. In practice we cannot observe the permanent income of a household, and so must estimate it. We do this by regressing current income on proxies for permanent income, including households' education level, occupation and age, and taking the fitted values as measuring permanent income. We estimate separate models for labor income and non-labor income (see Table B1 for model results). We then use the percentage deviation of current income from the modeled estimate of permanent income as our income variable, ( ) .
i i y y * − As our permanent income regressions are cross-sectional, they will capture the income level that, for example, a highly educated household "should" be earning given earnings of similar households at the present time. They will not capture any time-series dimension, such as economy-wide expectations of future income growth for highly educated households, however, which should also form a part of permanent income. Given this, we treat the separate effect of education on a household's saving ratio, after controlling for deviations of current from modeled permanent income, as a measure of future income growth expectations [Attanasio and Weber (2010) , for instance, document that more educated households have steeper income profiles than those headed by less-educated individuals].
Some authors have argued that including a measure of income in models such as ours may introduce measurement error and endogeneity issues, resulting in biased estimates. For example, Sabelhaus and Groen (2000) , Brzozowski and Crossley (2011) and Meyer and Sullivan (2011) argue that large dissaving at the bottom of the income distribution in household surveys is more likely to be due to households under-reporting their income than genuine dissaving, although Browning and Lusardi (1996) argue that reporting bias in household income is unlikely to be a serious issue for most households. There is growing recognition, however, that income is too important as a driver of household saving to be excluded -see, for example, Dynan, Skinner, and Zeldes (2004) and Muellbauer (2007) -and so we choose to include it in the form discussed above in our main model. As a robustness check we also estimate a model excluding any measure of income -Model (2) in Table B3 -and find similar results.
In addition to income, the other drivers of saving that we explore are outlined below.
-Credit constraints. Credit constrained households would be expected to save more than otherwise similar households. This follows since credit constrained households that wished to borrow to fund consumption would be precluded from doing so, in effect forcing them to save more than they wish. Credit constrained households are identified from households' answers to questions regarding financial stress; households are assumed to be credit constrained if they answer in the affirmative to at least two out of seven financial stress questions. The reference household is not credit constrained. -Precautionary motives. Similar to Chamon and Prasad (2010) , we construct a variable that seeks to measure a household's risk of unemployment, a risk that is likely to influence a household's saving behavior. (Chamon and Prasad, in their study of Chinese households, estimate the risk of incurring a large health expense). One might expect that employed households that face a relatively high risk of becoming unemployed in the future will save more than other households [see, for example, the models outlined in Zeldes (1989) , Deaton (1991 ), Carroll (1992 and Carroll and Samwick (1997) ]. Each household's risk of unemployment is estimated using a logit model of the probability of a household containing one or more unemployed people. If a household's fitted probability of future unemployment is > 10%, the risk of unemployment variable is set equal to 1 (see Table B2 for model details). Precautionary motives may also be captured in other variables that describe households with less secure incomes or those who are more vulnerable to income shocks, such as migrant and single-parent households.
-Wealth effects. Higher wealth has been found to have a significantly positive effect on household consumption in Australia, and therefore a negative effect on saving, all else equal (Dvornak and Kohler 2003; Yates and Whelan 2009; Windsor, Jääskelä, and Finlay 2015) . We include the ratio of household wealth relative to income and the gearing ratio (debt relative to assets) to capture wealth effects in our model, as well as a dummy variable indicating whether a household is living off retirement savings or obtains more than 20% of their income from investments. -Life-cycle motives. Although an ageing population cannot explain the rise in the aggregate saving ratio, age is an important determinant of household saving in the cross-section. Age dummy variables are used to capture the saving behavior of different age groups: young ( > 30 years old), pre-retirement (50-64 years) and old (65 years and over). The reference household is middle-aged (30-49 years).
Other controls include household size; the number of children in the household (relative to household size); state or territory of usual residence; region of residence (rural/urban); skill level of occupation; marital status; gender of the household head; dummy variables for owning one's home outright or with a mortgage; and dummy variables that identify if a household obtains more than 20% of their income from wages and salaries, business income, government payments, or other income. Table 1 shows selected results from the median regressions for 2003/2004 and 2009/2010 , where the dependent variable is the saving ratio and the independent variables are as described above. The differences in coefficients across the two time periods are also presented, and will be discussed in Section 4 (full regression outputs are presented in Table B3 ).
Cross-sectional results

Income
As expected we find that the coefficients on the deviation of current income from permanent income are significant and positive, meaning that households whose current level of income is above their permanent level of income save more, all else equal. The value of the coefficient on income suggests that in the cross-section, a 1 percentage point increase in current income relative to permanent income is associated with a 0.04 percentage point increase in the saving ratio, all else equal; this is within the range of estimates presented in Dynan, Skinner, and Zeldes (2004) using US data, although a little lower than those presented in Chamon and Prasad (2010) using Chinese data.
Precautionary motives
At-risk households such as single-parent households tend to save more than other households, all else equal. Households where the household head was not born in an English-speaking country also tend to save more. This is consistent with the results of Islam, Parasnis, and Fausten (2013) , who examine the saving behavior of migrants in Australia and find that they have a higher propensity to save compared with Australian-born households with similar characteristics. While this effect could reflect the differing priorities of migrants compared with existing residents, it could also be evidence of precautionary saving if being born in a nonEnglish-speaking country is associated with less certainty regarding employment (and indeed being a migrant is associated with a higher risk of unemployment, all else equal -see Table B2 in Appendix B). 
Wealth
We find that higher wealth-to-income ratios and higher gearing ratios are associated with lower saving ratios (and therefore more consumption), holding all else equal. Similarly, we find that those either living off or deriving a substantial part of their income from investments save less than otherwise similar households would. 
Life-cycle
Perhaps unsurprisingly we find that holding all else equal, pre-retirement households save more than middle-aged households (the reference group), who in turn tend to save the same or more than the young. Older households, all else equal, tend to save more than middle-aged or younger households would, were they to face similar living circumstances, suggesting that the low level of saving seen in the data by older households is predominantly due to their circumstances rather than their age per se.
Other factors discussed in Section 3.1 such as education level, credit constrains and the effect of being at greater risk of unemployment were either not statistically significant or changed sign over the two sample periods.
Time series analysis -the rise in saving
This section examines the rise in the saving ratio between 2003/2004 and 2009/2010 . To do this, we look at changes in households' propensity to save using the median regression model from Section 3; we also decompose the total change in the mean saving ratio (the concept of saving reported in the national accounts) into changes in households' propensity to save and changes in household characteristics.
Changes in the median saving ratio
The last column of Table 1 in these coefficients, where they are statistically significant, as indicating changing preferences regarding saving for those households with the corresponding characteristics. As noted in Section 1, however, since we cannot directly measure household preferences, other interpretations of the data are possible.
Income
There is no change in the coefficient on deviations of current relative to permanent income between the two surveys. There is a significant change in the coefficient on education, however. Relative to high school educated households, more 
Wealth
The negative effect on saving of a high gearing ratio fell significantly between 2003/2004 and 2009/2010 . This suggests that households adopted a more prudent attitude to debt between 2003/2004 and 2009/2010 , and accords with other data sources that suggest households have increased their voluntary mortgage repayments over the past few years, aided by lower interest rates. We also note that households in the "pre-retirement" age group (50-64 years), self-funded retirees and those earning at least 20% of their income from investments -that is, those households most exposed to movements in asset prices -increased their propen- 
Changes in the mean saving ratio
Using the same model, but applied to the mean, the model-implied mean saving ratio in year i can be expressed asŝ That is, the change in the model-implied mean saving ratio can be decomposed into changes in model parameters and changes in population characteristics. This follows the method introduced by Blinder (1973) and Oaxaca (1973) . 
Total change
Of which
Education Wealth Other
Due to model parameters 5.8*** 3.6*** 5.0** -2.8 Due to characteristics 0.1 0.0 -0.1 0.2 Total 5.9*** 3.6*** 4.9** -2.6 *** and ** represent significance at the 1 and 5% level, respectively; HES household weights used; 2003/2004 and 2009/2010 samples are pooled and 300 bootstrapped repetitions of the regression are used to obtain the standard errors; the wealth category includes the wealth-toincome ratio, the gearing ratio, home ownership dummies, the self-funded retiree dummy and the pre-retirement age dummy. Sources: ABS; authors' calculations.
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As noted, the model used here is very similar to the model for the median saving ratio in Section 3, except that it is estimated by least squares. As such, the model is of conditional mean saving ratios rather than conditional median saving ratios. See Table B4 for output from the least squares regression.
Consistent with the results from the median analysis in Section 4.1, more educated households increased their propensity to save in an economically and statistically significant way between 2003/2004 and 2009/2010 . Given our interpretation of education as a measure of future income growth expectations, the rise in saving for more educated households suggests a downward reassessment by these households of their future income prospects. Wealthy households and those with high debt levels (included in the wealth grouping) also tended to increase their propensity to save between 2003/2004 and 2009/2010 , suggesting an effort to rebuild wealth after the effects of the financial crisis and changed attitudes to debt.
Overall, the results from the median and mean time series analysis are consistent with the rise in saving seen over the 2000s being driven by a downward reassessment of future income growth and asset price growth expectations following the financial crisis, with households adopting a more prudent attitude towards debt over this period.
Conclusion
This paper investigates household saving behavior in Australia, as well as the drivers behind the recent rise in the aggregate household saving ratio. Our results explaining household saving behavior in the cross-section are consistent with theory and previous findings. As might be expected, households' saving ratios tend to increase with income, while saving is found to decrease with wealth and gearing. Single parent and migrant households tend to save more than other households, all else equal. While saving differs substantially across age groups we find that, at least in part, this reflects differing circumstances.
Our results suggest that the rise in household saving seen over the 2000s was driven by changing behavior rather than changing population characteristics. In particular, more highly educated households as well as households with high debt and/or wealth increased their propensity to save between 2003/2004 and 2009/2010 . Our interpretation of these results is that a more prudent attitude towards debt and an effort to rebuild wealth after the financial crisis contributed to the rise in the household saving ratio; the sharp increase in saving for higher educated households also suggests a reduction in future income growth expectations.
Appendix A: A simple model of age, cohort and time effects
This model follows the approach of Deaton and Paxson (1994) and Chamon and Prasad (2010) , and provides a simple way to disentangle age and birth cohort effects to find their "pure" effect on saving.
11
With no shocks to income and a constant real interest rate, the life-cycle hypothesis suggests household consumption can be expressed as: Since a household's birth cohort is simply a function of the survey year and their age, we need to place some restrictions on the coefficients in this model to enable identification. Following Chamon and Prasad (2010) , the birth cohort effects are constrained to sum to zero and be orthogonal to a linear trend: 12 11 In this exercise we use the 1988/1989, 1993/1994, 1998/1999, 2003/2004 and 2009/2010 HES, because a longer time period is needed to determine birth cohort effects precisely. While there were some major methodological changes to pre-1998/1999 surveys which make it difficult to compare surveys across time, we assume that the cohort and age effects on consumption and income remain comparable. 12 As argued in Chamon and Prasad, constraining the time effects would force the decomposition to attribute rising consumption and income to age and/or birth cohort effects, rather than Focusing on the age effect, Figure A1 shows how the average household's saving ratio varies with age, holding the survey year and birth cohort constant. The distribution of the age effect partially exhibits the concave relationship predicted by the standard life-cycle model; saving is low early and late in life, and high during a household's working years. One anomaly stands out from the standard life-cycle prediction, however: the dip around middle-age (30-50 years), when households reduce their saving before building it back up when they enter the pre-retirement age group.
13
A possible explanation for this that accords with a slightly amended life-cycle model is simply that costs increase around middle age. Younger households have relatively few living costs and so are able to save for a down-payment on a house, while middle-aged households have children and must pay mortgage interest. The behavior is also consistent with a myopic model of household behavior. For example, Thaler and Shefrin (1981) argue that hyperbolic discounting can explain why younger households tend not to save enough for retirement, while Carroll and Samwick (1997) argue that younger households place more weight on saving an economy-wide rise in productive capacity. Likewise, restraining the age effects would prevent us from examining the life-cycle hypothesis, which makes predictions about how consumption and income should vary with age. 13 As noted in Section 2.1, the saving of self-funded retirees, and so the older age groups, is likely to be overstated. for large purchases and emergencies to smooth near-term consumption rather than saving for longer-term (retirement) consumption. Figure A2 shows how the average household saving ratio varies with birth cohort, holding the survey year and age of the household head constant; the effects are less clear than those for age, although they suggest that the baby boomer cohort (born between 1946 and 1964) non-labor income on proxies for permanent income, and taking the fitted values as measuring permanent income (Table B1) .
B.2 Risk of unemployment model
For households with no unemployed members and a household head aged > 65 years, the risk of unemployment variable is set equal to one if the fitted Table B1 : Permanent income models. -0.2*** 0.5*** -0.1** 0.5*** Old -2.2*** 0.7*** -1.0*** 0.8*** Number in work 1.0*** 1.1*** Household size 0.4*** 0.5*** Self-funded retiree 0.6*** 0.4*** Small business owner 1.2*** 1.2*** Non-financial wealth 1.6*** 0.1*** Financial wealth 0.3*** 0.8*** Government payments 1.3*** 1.0*** Constant 5.9*** 2.9*** 5.8*** 3.9*** R value of a logit regression of unemployment status on a range of household characteristics is > 10%. In particular, for unemployed it representing a dummy variable that equals one if household i has at least one unemployed person in survey t, and zero otherwise, we model unemployed it using a number of independent variables as detailed in Table B2 . 
Coefficients
B.3 Median and mean regression models
Income elasticity 0.04*** na 0.04*** na Highly educated -4.7*** -4.7*** 1.9 1.6 Income ( > 20%) -Business 8.4*** 3.5 4.3 -2.9 -Salary 10.6*** 16.3*** 2.8 12.7*** -Government -4.5* -3.3 -0.8 -0.5 -Other -5.1** -6.2** -10.1*** -6.8*** Risk of unemployment 0.7 0.9 -1.0 -2.2 Low-skilled occupation -5.1** -5.5*** -2.5 -1.6 Middle-skilled occupation -6.5*** -7.2*** -2.9** -2.3 Not in the labor force -9.1** -2.3 -9.9** 0.7 Self-funded retiree -19.0*** -15.9*** -8.3** -3.4 Pensioner -10.2** -4.4 -11.7*** -3.4 Household size 2.7*** 2.4*** 2.3** 2.6** Share of children -23.0*** -22.5*** -24.4*** -22.9*** Female -3.8*** -4.8*** -3.4** -3.0** Single-parent household 8.0** 10.7*** 5.2** 5.4** Married -3.9** -4.6** -0.4 -1.9 Migrant 2.4 2.3 2.8* 2.5 Wealth-to-income ratio -0.1 0.0 -0.2*** -0.1* Gearing ratio -13.8*** -15.8*** -2.4 -2.0 Mortgage -2.9 3.5* -3.9* 2.8 Own home outright 1.2 6.1*** 3.9 9.0*** Credit constrained 2.9 2.2 0.1 0.3 Worse off than a year ago -6.3*** -5.6*** -4.1*** -3.8*** No of credit cards -1.8*** -1.6*** -0.9 -0.7 Personal debt -14.6*** -15.8*** -15.6*** -17.9*** State -Vic -0.7 -0.7 0.2 0.6 -Qld 1.0 1.4 1.4 1.6 -SA 1.4 1.0 5.6*** 6.3*** -WA 0.2 0.1 4.1** 4.8*** -TAS -0.9 -1.1 -0.6 -1.9 -ACT and NT -3.6 -4.4* 4.7** 4.9** Non-urban 0.6 1. 
Income elasticity 0.05*** na 0.04*** na Highly educated -2.5** -2.6** 3.0*** 3.0*** Income ( > 20%) -Business 11.4*** 6.5*** 9.9*** 5.1*** -Salary 4.2* 14.3*** 2.6 11.4*** -Government -9.5*** -8.5*** -3.0* -1.3 -Other -12.7*** -12.2*** -13.8*** -12.2*** Risk of unemployment 1.4 1.9 -0.6 -0.3 Low-skilled occupation -4.6*** -5.0*** 2.5 1.8 Middle-skilled occupation -5.1*** -5.6*** -1.1 -1.5 Not in the labor force -12.9*** -2.6 -8.5*** -0.4 Self-funded retiree -8.4*** -8.3*** 3.4* 2.6 Pensioner -7.0* -1.4 -9.9*** -4.7* Household size 2.0*** 1.3* 2.8*** 2.5*** Share of children -21.4*** -20.8*** -28.5*** -27.7*** Female -3.9*** -4.4*** -2.5** -3.1*** Single-parent household 8.8*** 11.4*** 4.8** 5.1** Married -3.0* -2.8* 0.3 -0.7 Migrant 2.5* 2.2 4.6*** 4.7*** Wealth-to-income ratio -0.1*** -0.1*** -0.1*** 0.0 Gearing ratio -15.9*** -15.9*** -10.1*** -9.7*** Mortgage -3.8** 2.6* -1.5 4.0*** Own home outright 1.2 6.3*** 3.6** 7.1*** Credit constrained 1.3 1.5 -2.2 -1.7 Worse off than a year ago -5.1*** -5.2*** -3.0*** -3.3*** No of credit cards -1.1** -0.9* -0. 
